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Hybrid model for air quality data prediction Case study: air quality data in Thailand
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ABSTRACT
This research study to find hybrid model between Box & Jenkins and feed forward backpropagation
artificial neural network by air-quality data average monthly of Sulfur dioxide (SO,), Nitrogen dioxide (NO,),
Carbon monoxide (CO) and Ozone (03) from Map Ta Phut stations, Amphor Map Ta Phut, Rayong Province. And
compare performance predict short term and long term, Box & Jenkins model, feed forward backpropagation
artificial neural network model and hybrid model, found hybrid model is the most accurate predict in short-term

and long term.
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