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Data classification using Support Vector Machine

Optimized by Genetic Algorithm
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ABSTRACT

Recently, there have not best for the accuracy of data classification. In this paper, we try to find a suitable model
to increase the accuracy of data classification. We use Austrian Credit, German Credit, and Bankruptcy Data as our
testing data. We use the model which combines the support vector machine and optimize parameter by genetic
algorithm. We compare the result from this model with the results from decision tree model, neuron network model
and support vector machine model. The result indicates that the model which combines the support vector machine
and optimize parameter by genetic algorithm provides the highest accuracy rate.
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