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ABSTRACT
The objective this research is to compare efficiency of four classification model that are Artificial Neural
Network (Multi-layer Perceptron : MLP), Support Vector Machine (SVM) , Naive Bayes (NB) and K-Nearest
Neighbor(K-NN) using correct classification Accuracy, Precision, Recall and F-Measure on Ozone days and Adult
data set from UCI Machine Learning Database Repository . The results of experiment on efficiency of Support
Vector Machine (Rbf) algorithms are Accuracy 95.83 %, Precision 96 %, Recall 96% and F-Measure 96% on Ozone

data set and Accuracy 79.66 %, Precision 80 %, Recall 80% and F-Measure 80% on Adult data set on Support Vector
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Machine (Polynomial).The result of this research represent Support Vector Machine (SVM) kernel function
Radial Basis and Polynomial are suitable for grouping member and categorical data type. In addition algorithms can

apply to Semantic Information Technology by analyzing, classifying or partitioning data that relate to other data.
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