gn

PMO12

. Grocuofc Research Conference

mstanszuumsdnadinudmivdeyagumn

Development of Deidentification Tool for Health Information
898 UNA (Adull Namalee)* A3.211A1 11AUBINA (Dr.Wanida Kanarkard)**

unAnge
o ' Y1 Al Y o = ad a o B
msdsviljeguamuazmsaamldnislumsquadileldiverszvunysadioudiannsetindu 141y

v ' 3 o o 3 ' v o g A A Y o A 2
ﬂ'lﬁl!ﬂﬂmuw'] E)EJNllﬁﬂﬁlmmﬁiﬂ‘Hm”ﬂuﬂﬂ@ﬂﬂEJLLazﬂimlﬂuﬁ’m@]’w%ﬂuﬂimlﬁfN‘I/liJLL‘L.!’JTuN‘VILWJJ‘lluG],u

Y
@ @

a == s A Y F) 1A Y U A [
sruUMIguagumw OuITelidaglsasamelnilesdeyadnansaszydeyadiuyananinuguninlag
o w 9 a 9 9 [ wa 9 = a
mynams Isuazmstlawedoya msnannszuulszuanadoyasa Tuiia lasldima TuTadnmou Tuil luey
o ° a Y { o ' A P =
Fu IdhidiAanalndestuandudiumininedestueyadiuyana mavesmsfn Idigaildifiun

inesialntadiaunainsaly laedratilszansamuas ludalae

ABSTRACT
Improving the quality and reducing the cost of patient care depends on moving to electronic patient records.
However, the security and privacy risks associated with sensitive information are increased by several growing trends
in healthcare. This research intended to protect individually identifiable health information by limiting its use and
disclosure. The development of automatic data processing using k-anonimisation has made it necessary to consider
privacy protection in relation to personal data. The results of the study are the effective Deidentification tool that is

available as open source software.
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row # Disease
1 (Andv)| 5
2 (Billy 9
3 (Ken) 6
4 (Nash) | 8
5 (Joe) 12
6 (Sam) | 19
7 (Linda)| 21
8 (Jame) | 26
9 (Sarah)| 28
10 (Mary)| 36

%
]
o
o
L]

||| 2| 2| 2| 2| 2| 2| |

Zipcode
12000
14000
18000
19000
22000
24000

guarding node
stomach disease

gastric ulcer
dvspepsia
pneumonia
bronchitis

dvspepsia
respiratory infection

prewmona
pnewmonia

pneumeonia
58000 flu a

36000 gasiritis
37000 | pneumoma
33000 flu

gastrifis
respiratory infection

S

(a) Microdata

Name | Age | Sex |Zipcode
Andy| 3 | M | 12000
Bill | 9 | M | 14000
Ken | 6 | M | 18000
8
7

Nash M | 19000
Mike | 7 M | 17000
Joe | 12 | M | 22000
Sam | 19 | M | 24000
Linda| 21 | F | 58000
Jane | 26 | F | 36000
Sarah | 28 | F | 37000
Marv | 56 | F | 33000

(b) Voter registration list

row # [YeAge |Sex|W Zipcode

[10001. 15000
[10001. 15000
[15001. 20000
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]
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]
]
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]
]
]
]
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Disease

—

gastric ulcer
dyspepsia
pneumonia
bronchitis

pneumonia
pneumonia
flu
gastritis
pneumonia
flu

[20001. 25000
[30000. 60000
[30000. 60000
[30000. 60000
[30000. 60000
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Wanduauen Tuil luasFun e age  marital-status

182 education WSsuHeuRUToyanoUMIUSULAS

Input data 1= = @
@ race _marital-status __education o

88 White Married-civ-spouseProf-school
S0 White
90 White

90 White

Married-civ-spouseBachelors
Married-civ-spouseMasters

Married-civ-spouse Bachelors

T I Y
o
o

!
L
I
I
White Married-civ-spouse11th L
20 White Married-civ-spouseProf-school I
90 White Married-civ-spouse Bachelors I
90 White Married-civ-spouse Some-college I
20 White Married-civ-spouseHS-grad i
10 90 White Married-civ-spouse 10th 1
11 90 \Asian-Pac-IslanderMarried-civ-spouseAssoc-acdm I
12 90 White Married-civ-spouseBachelors f
13 90 White Married-civ-spouseHS-grad 1
14 90 White Married-civ-spouseHS-grad I il
‘ o T N ' o 2
s ! @ '
(a) %ﬂgﬁﬂﬂuﬂ?iﬂi'ﬂ!m\i
Qutput data 1 S =@
1 85-89 White spouse present * Unit!
2 85-89 White spouse present * Unit:
3 85-89 White spouse present * Unit:
4 85-89 White spouse present * Unit:
5 85-89 White spouse present * Unit:
6 B85-89 White spouse present * Unit:
7 85-89 White spouse present * Unit:
g B85-89 White spouse present * Unit:
g B85-39 White spouse present  * Ecuz
10 B85-89 White spouse present * Unit
11 85-89 Agian-Pac-Islanderspouse present  * Phili
12 [85-89 White spouse present * Engl
13 85-89 White spouse present  * Unit:
14 [85-89 White spouse present * Unit 3
< T T ST D
9 v o )
(b) magawmmiﬂiuummﬂ generalize hierarchy

(1,1,3)
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