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A model for forecasting educational status of students
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ABSTRACT
This study emphasized on the study of factors affect student’s status in order to develop a model to predict
studying status in a Private University in the Northeast by applying data mining. In this study, we collected the data which
might affect to studying status of 2,272 bachelor students enrolled during 2008-2010.We analyzed variables correlation by
correlation analysis. The study results were nine factors consist of loan, income, marital, sex, types of school, educational
background, school level, mother occupation and student address ,which would use to develop the model by decision tree,
bayesian belief network, logistic regression. The result revealed that the accuracy were 82.85 %, 78.98 % and 78.50% for

decision tree, logistic regression, bayesian belief network, respectively.
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